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¢ Byrne, B. M. (2016). Structural equation modeling with AMOS: Basic concepts, applications, and
programming (3rd ed.). Routledge.
https://doi.org/10.4324/9781315757421

¢ Kline, R. B. (2016). Principles and practice of structural equation modeling (4th ed.). The Guilford Press.
e Brown, T. A. (2015). Confirmatory factor analysis for applied research (2nd ed.). The Guilford Press.
e Muthén, L. K., & Muthén, B. O. (1998-2023). Mplus user’s guide (8th ed.). Muthén & Muthén.

e Schumacker, R. E., & Lomax, R. G. (2016). A beginner's guide to structural equation modeling (4th ed.).
Routledge.
https://doi.org/10.4324/9781315749105

e Hoyle, R. H. (Ed.). (2012). Handbook of structural equation modeling. The Guilford Press.
e Tabachnick, B. G., & Fidell, L. S. (2019). Using multivariate statistics (7th ed.). Pearson.

e Bollen, K. A. (1989). Structural equations with latent variables. Wiley.
https://doi.org/10.1002/9781118619179

o Little, T. D. (2013). Longitudinal structural equation modeling. The Guilford Press.

e Wang, J., & Wang, X. (2020). Structural equation modeling: Applications using Mplus (2nd ed.). Wiley.
https://doi.org/10.1002/9781119422730

electronic resources (eBooks, online tutorials, and databases) on Structural Equation Modeling (SEM):

1. Byrne, B. M. (2016). Structural equation modeling with AMOS: Basic concepts, applications, and
programming (3rd ed.). Routledge.
Available at: Taylor & Francis eBooks

2. Kline, R. B. (2016). Principles and practice of structural equation modeling (4th ed.). The Guilford
Press.
Available at: ProQuest eBook Central
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3. Brown, T. A. (2015). Confirmatory factor analysis for applied research (2nd ed.). The Guilford Press.
Available at: Guilford Publications eLibrary

4. Muthén, L. K., & Muthén, B. O. (2023). Mplus user’s guide (8th ed.).
Available at: Mplus Official Website

5. Wang, J., & Wang, X. (2020). Structural equation modeling: Applications using Mplus (2nd ed.). Wiley.
Auvailable at: Wiley Online Library

Several software programs are widely used for Structural Equation Modeling (SEM) and related statistical
analyses. Here’s a list of the most popular ones:

Dedicated SEM Software

1. Mplus
o Renowned for its flexibility in handling complex SEM, including latent variable modeling,
growth modeling, and mixture modeling.
o Supports a wide range of data types (continuous, categorical, binary).
o Website: statmodel.com
2. AMOS (Analysis of Moment Structures)
o Designed for users of SPSS and integrates seamlessly.
o Ideal for path analysis and confirmatory factor analysis with an intuitive graphical interface.
o Website: IBM Amos

o Particularly strong for handling non-normal data and robust modeling techniques.
o Focuses on simplicity and speed in specifying models.
o  Website: Multivariate Software

General Statistical Software with SEM Capabilities

4. R (lavaan and sem packages)
o Free and open-source with highly customizable SEM capabilities via packages like 1avaan,
sem, and OpenMx.
o Strong support for scripting and reproducible analysis.
o  Website: R Project

o Includes a dedicated SEM module for path analysis, confirmatory factor analysis, and latent
variable modeling.
o Powerful syntax for users who prefer command-line interaction.
o Website: Stata
6. SAS (PROC CALLIS)
o Provides advanced SEM capabilities through its CALIS procedure.
o Suited for large datasets and enterprise environments.
o Website: SAS

Other Versatile Software

7. LISREL (Linear Structural Relations)
o One of the earliest SEM software programs, known for its robust features in CFA and SEM.

o Popular among advanced SEM users and researchers.
o Website: LISREL

8. SmartPLS
o Specializes in Partial Least Squares SEM (PLS-SEM), often used in exploratory research and

smaller samples.
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o User-friendly interface and visualization tools.
o Website: SmartPLS

o Free, open-source statistical software with a user-friendly interface for SEM using lavaan.
o Focuses on transparency and reproducibility.
o Website: JASP
10. SPSS with the PROCESS Macro
o While not a full SEM software, the PROCESS macro by Andrew F. Hayes is useful for simpler
mediation and moderation analyses.
o Often serves as an introductory tool before transitioning to advanced SEM programs.
o Website: PROCESS Macro
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